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ABSTRACT

In contrast to previous studies, we redefine theegary of "rationality” from the perspective of @stors’ pursuit
for wealth maximization. Using the data from Chanasock market, this paper studies the impact témal and

irrational sentiment on asset returns from shortsteto long-run. We find that irrational sentimenasstable
positive predictability on the future returns inashterm while it is a reverse indicator in the pnun. Meanwhile,
the rational sentiment accurately forecasts both fiture short-term and long-run returns. Our fing$ indicate
that the predictability of investor sentiment ottures is closely related to time interval chosenésearch and the
level of feedback between investor sentiment asek asices.

Keywords: rational sentiment, irrational sentiment, predidity of asset returns

INTRODUCTION

Traditional theories insist that asset prices showlt be affected by investor sentiment, becaudi@iduals commit
independently and rational arbitrageurs are readgpftset the asset mispricing. However, dozens ropigcal
evidences suggest that investors are plagued byitoag biases and their irrational behaviors arsteyatically
correlated, which indicates that the asset pricergrcan't be eliminated by rational arbitragews the limits of
arbitrage (De Lon@t al, 1990a; Barberis, Shleifer & Wurgler, 2005; BakeWurgler, 2006, 2007; Kumar & Lee,
2006). It is widely accepted that investor sentiteran important systemic risk factor that shdmédconsidered in
asset pricing models. Then, we do not only conbenn asset prices are influenced by investor semtintit also
pay attention to whether investor sentiment hadiptability of future returns.

Investor sentiment, firstly, contains rational esa¢ions of fundamentals through which they wantpty the
changes of asset prices. Secondly, it represeatsanitive biases when investors process markatation, that
is, they may both exhibit irrational expectation foihdamental changes and selectively pay attentiorthe
information caters to their preference. Finallyyastor sentiment also reflects investors’ bullish bearish
expectations of asset prices which are affectednhyket noises. Just as Baker & Wurgler (2006) menthat
investor sentiment, mainly stands for the investeubjective expectations of future asset pricedifficult to be
measured directly and accurately in empirical nedess. Therefore, majority of previous studies foona finding
an effective way to measure investor sentimenttasiing its impact on asset prices. Two populahodst are often
used to solve this problem: direct survey data t(8olStatman, 1988; Schmeling, 2007) and indirectrkat
indicators (Neal & Wheatley 1998; Baker & Wurgl@Q06, 2007; Feldman, 2010). Since the data frorestor
survey may be affected by the breadth of the susagple and “the gap between how people respoadstovey
and how they actually behave”, the accuracy of stMesentiment is often questionable when we useegwata.
Compared to the former one, the latter one is mwidely used in empirical researches due to its higia
availability and low limitation of sample size.
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The efficient market hypothesis declares that stmiges which are likely to follow random walk pess are not
predictable. However, a large number of financiaf@ssionals are keen to find outperformed investratrategy to
beat the market. Empirical studies show that gasets are somewhat predictable in the real maRatexample,
Campbell and Shiller (2001) find that dividend-gricatio positively forecasts future asset priceshim long run.
After the stock market experiences bull or beafisha long time, the dividend-price ratio will bé extreme level
by historical standards, which can't last forevEherefore, we can observe that the main stock esle@xhibit a
mean-reversion at a certain period worldwigethough we can’t accurately predict when it occufée

mean-reversion doesn't casually happen, but a canphenomenon, because a large number of investerseact
to market information, which leads to the overshapbf asset prices.

In the short term, the demand of risky assets as@e when more and more investors become optimisti¢he
existence of arbitrageurs, the asset prices wanaffected by investor sentiment shocks. So, iovestntiment has
no predict power on the short-term changes of aesets (Brown & Cliff, 2004, 2005; Feldman, 201Bjpowever,
in the long run, the risk of arbitrage becomes é&igthan that in the short term. Thus, though theketais
overvalued, an arbitrageur may be unwilling to takshort position because he fears the asset pitdsecome
more overvalued before reverting to its intrinsidue. Therefore, over long horizons, the high seatit will lead to
the overvaluation of asset price and low long-retums, which indicates that investor sentimena iseverse
indicator of asset long-run returns (Fisher & S&tm2000; Brown & Cliff, 2005). However, Schmelif2007)
points out that institutional and individual sengint seem to represent smart money and dumb mospgatively,
because the institutional sentiment has correcea&stion of market returns over medium horizonslaviihe
individual sentiment is a consistently reverse éattir of market returns. Feldman (2010) builds ecgieed loss
index with mutual fund redemption data and finct tihe index has significant predictive power ireftasting both
the medium and long-term horizons of asset ret@especially for 1-2 years horizons). Affected by tloss
aversion, individual investors become more pessimiasnd pull their money out of the fund when thagve
experienced losses. Therefore, fund managers begell their stocks for redemption pressure, dedasset prices
will fall further, which lowers the investors’ perimance in the future. We can find there is a $icgnit positive
feedback between investor sentiment and assetsprice

Compared with the investor sentiment indexes pregpdsy Schmeling (2007), we use market indirectcdattirs
which are easier to collect to construct sentiniedéxes and focus on the predictability of investentiment on
market returns. Another related research is Vermavé&ma (2007), who run regressions of a series of
macroeconomic variables on sentiment proxy to sgpdrrational sentiment from rational sentimergedfically,

the part explained by fundamentals is referredatisrral sentiment, while the remainder is referasdirrational
sentiment. Although we discriminate rational and irratiorséntiment in the following research, our paper is
distinguished from Verma & Verma as follows: Fiystive focus on the predictability of investor raidd and
irrational sentiment on asset return, while theyntyastudy the relationship between investor seatitrand asset
prices volatility. Secondly, Verma & Verma definational sentiment based on whether it can be exglaby
fundamentals. However, we believe that this definitis biased. Hence, we propose a new way to rdiftéate
rational and irrational sentiment. The differencgween our work and existing ones is that we donitnect
rationality with fundamentals, but giving a new idéfon from the perspective of investors’ purstor wealth
maximization, which better reflects the charactmssof investors’ rationality and irrationality.

Investor sentiment, expressed in their expectatdrigture prices, is forward looking, whereas plaet of sentiment
proxy that can be explained by fundamentals is ipdstckward looking or merely reflects current fantentals.
However, there is no guarantee that the investansntake correct expectations on future returns éve future
fundamentals can be accurately predicted, bechesmarket prices of assets may deviate from thginsic value
due to the demand shocks of noise traders. Onadhgary, smart money in the market can take adgentd the
irrational behaviors of noise traders and gain digleturns. Their investment strategies are “td beagun”, rather
than are completely based on the fundamentals @w Et al, 1990b). Therefore, we don'’t categorize investor
sentiment as “rational” or “irrational” associatimgth fundamentals, but redefine investor ratioaad irrational
sentiment as follows: rational sentiment reflemart money”, in contrast, irrational sentimenteefs the “dumb
money”. The method we use to measure investorreentiis similar to the one used by Baker & WurdBw,
2006, 2007), who try to extract the common factoiramarket indirect indicators through principal qoonent
analysis. The major difference between our reseanchBW is that we define different principal compats as the
proxies of investor rational and irrational sentimeaccording to the economic implications implieg &ach

@ Such as, Dow Jones Indexes and S&P 500 Indexy 8vBryears
® In order to control for the influence of fundamadaf Baker & Wurgler (2006), and Kumar & Lee (20@8e
regressions of a series of macroeconomic variaiesentiment proxy to purify single sentiment pesxi
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principal component. Then, we study the predicighdf rational and irrational sentiment on futasset prices and
test the stability of our empirical results.

Our empirical results show that: firstly, in thei@se stock market, for the limits of short saled the existence of
numerous high speculative individual investors, #isset prices are significantly affected by investentiment.

Inconsistent with the existing empirical resultsitttiocus on the mature stock markets (Brown & CIl#005;

Feldman, 2010), our findings prove that rational amational sentiment have predictive power onhbaiibsequent
near-term and long-run returns in China. Secondigtional sentiment reflects noise trader riskthe short term,
because of the effect of price pressure (De Leingl, 1990a), irrational sentiment has positive impagtsasset
returns. Over a long horizon, the asset prices mallovervalued for continuous optimism (pessimisihhoise

traders. Therefore, in the long term, irrationadtsaent is a contrarian indicator of future returRmally, as rational
sentiment stands for the correct expectations drsinvestors, it has positive predictive power lwoth future

short-term and long-term returns.

The rest of this paper is organized as followstiSacll describes the motivation for our research, andgga more
detailed discussion on rational and irrational iseant. Sectionlll examines the predictability of rational and
irrational emotions on the future returns; Secttbhconcludes the paper.

2. Motivation

Considering that, in the real market, full with er@inty, there is no widely accepted asset priciraglel that can

tell investors the accurate price of a risky asseés, difficult for investors to precisely valuesky assets when they
make investment decisions, even if the investotdqis of efforts to analyze the market informatidimerefore, we

believe that the asset prices, at which a giveastor is willing to buy, should not be limited teetassociation with

their intrinsic values, more importantly, relatednvestors’ subjective expectations of the futoriees.

According to the investors’ cognitive ability ofefundamentals and market environment, we dividestors into
two groups: smart investors and noise traders. E®yh936) points out that professional investorsmaperform
the public because they are able to forecast clsaingde conventional basis of valuation a shonetahead of the
general public. He says: “The actual, private abggdhe most skilled investment today is “to btat gun”, as the
Americans so well express it, to outwit the crowdd to pass the bad, or depreciating, half-crowthéother
fellow.” Therefore, smart investors not only conctabout the changes of fundamentals, but alsoeadyrto take
advantage of the systematic mistakes of noise safi@e Longet al, 1990b). We define the part of investor
sentiment that correctly predicts future returnd eeflects "smart money" as rational sentimentidRal sentiment
does not only reflect the correct expectations raag investors on fundamentals, but also the gbdit smart
investor to foresee the changes of the market emvient. In contrast, there are numerous noise rgaidethe
market, who are significantly affected by noisebeThoise traders always exhibit the positive feekltaading
characteristics of buying high and selling low (Deng et al, 1990b; Barber & Odean, 2008), and their irrationa
behaviors are systematic correlated, so noiserrakebecomes an important systematic risk fafriothe limits of
arbitrage. We define the expectation of noise trmdm future returns as irrational sentiment, whigmot as
“smart” as rational sentiment.

Based on the above discussions, we will test thypetheses:

Hypothesis 1: Rational and irrational sentiment has a positipact on the short-term returns.

When many systematic correlated noise traders beagtimistic on the future asset prices, the agseés will
increase due to the persistent speculative priesspre even fundamentals don’'t change (Dorn, Huber&
Sengmueller, 2008). So we can predict that irrafieentiment leads the short-term returns in theketalominated
by noise traders, especially with short sale can#ts. When noise traders are overoptimistic, {hténwal strategy of
smart investors is to follow the trend rather tharsell short, otherwise, they have to take a Vvegy noise trader
risk for their short positions (De Lorgt al, 1990a). Even when smart investors are sure liegatsset prices are
overvalued, they may find that the arbitrage oppaties are not profitable for high arbitrage comstshe lack of
proper tools to sell short. Therefore, in the maskih arbitrage constraints, rational sentimentwgtl follow the
changes of irrational sentiment, that is, the simamestors should become optimistic when they expeare people
will become optimistic (Shleifer, 2000). Althoughtional and irrational sentiment both has posifpever to
predict short-term returns, the stories are quitierént. Irrational sentiment leads short-termures because it
plays an important role in the formation of theedsshort-term prices while noise traders knowelittif smart
investors. To some extent, smart investors arddlf@ver of noise traders, because they know tbis costly and
risky to offset the demand shocks of noise traders.
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Another important reason of hypothesis 1 is thaherous high speculative individual investors, whe @bviously
labeled as buying high and selling low, directlyalve in stock market, so asset prices are morsitben to
investor sentiment in Chinese stock market thahithenature markets. The influence of investor seant on asset
subsequent prices is positively correlated to #ezllback intensity between investor sentiment aset gsices, that
is, the stronger the feedback effect, the higherpitredictability of investor sentiment on shormtereturns (Hu &
Chi, 2012a). On the contrary, asset prices arehhaftected by noise trading in the market in whimhly a few
noise traders participate, and investor sentimastlittle predictability on the future returns (f&n Niessen-Ruenzi
& Ruenzi, 2010). Therefore, the empirical resuli¢ained with the data in Chinese stock market nigwyificantly
different from that focus on mature markets. Inesrdo discuss more detailed relationship betweemsior
sentiment and asset prices, rational and irraticeaitiment will be decomposed into two parts: etget@nd
unexpected part.

Hypothesis 2: Assuming irrational sentiment is a contrarianid¢atbr to predict future long-term returns.

In the short term, asset prices could be signiflgaaifected by irrational sentiment for price e effect. The
noise traders’ demands of risky assets increase tey are bullish, which leads to asset priceagyap. In return,
the increasing of asset prices will cause the ntiesders to be more optimistic, which finally leadsperiods of
market overvaluation. Therefore, high current ioma&l sentiment is followed by low long-term retsripecause the
asset prices will go back to their intrinsic valentually (De Bondt & Thalar, 1989; Campell, 1988own &
Cliff, 2005). The positive feedback mechanism betwerational sentiment and asset prices amplifiesmpact of
market information on asset prices and causes m@iders to overreact to market information (Darfiitshleifer
& Subrahmanyam, 1998). Therefore, although thetdkom returns are positively affected by irratibeantiment,
in the long run, irrational sentiment is a reversdicator of future returns. From the short-termdog-run, it is a
gradual process that the direction of irrationaitiseent forecasting future returns goes from pesitio negative
(Barberis, Shleifer & Vishny, 1998).

Hypothesis 3: Although rational sentiment can correctly predigiufe long-term returns, it appears to have little
predictive power on medium-term returns.

Schmeling (2007) finds that the changes of rati@ral irrational sentiment are positively correlaiedhe short
term while negatively correlated in the long rurmnpared to noise traders, smart investors are saphisticated
and informed, so rational sentiment should reftbet correct expectations of fundamentals (Camp&eilyle,
1993; Schmeling, 2007). We expect that smart iresire able to fulfill their superiority so thational sentiment
correctly predicts market returns over long horzadowever, the strategies of smart investors ateonly based
on fundamentals, but also related to irrationatisemt (Keynes, 1936; De Lorg al, 1990b). When noise traders
appear to be excessive optimistic and the assetewvarvalued, according to the intuitions, smavestors should
become pessimistic for low returns in the futuret B is very risky for smart investors to shortchase of noise
trader risk. As a result, if the smart investorpent that noise traders will become more optimistithe future,
which indicates that the up-trend of asset pria@scdot change, it is a better option for smaresters to buy risky
assets rather than sell short. It is only when smaestors believe that the optimism of noise érads too high to
persist and the expected returns can't offset thiential risk, the smart investors will take shpositions ahead of
the public. Although rational sentiment becomegisbathe asset prices may not decrease immediagaiguse lots
of noise traders are still excessive optimistizinexpected shocks, which indicates rational semiiraee negative
correlated to asset medium-term prices. In sharsmart investors pay more attention to irraticedtiment than
fundamentals in the short and medium term, thelchibose different strategies according to thepestations of
the changes of irrational sentiment, which leadslitite significant predictability of rational sdntent on
medium-term returns.

3. Empirical Research

3.1.Data

In our empirical research, four indirect marketidadiors are selected to construct the investorireent proxies:
turnover (turn), closed-end fund discount (ceft® bumber of new open account (open) and consuomdidence
index (cci). All of our data follow the Hu & Chi (@2b), with the sample period from January 200B¢acember
20117

Both rational and irrational sentiment indexes aomstructed by principal component analysis as Bake
Wurgler(2006). But what differs from BW is that uChi(2012b) argues that most investors in stockkeiaare
the combinations of "animal spirits" and "economian”. Every investor intends to gain wealth throwgbck
market motivated by the “economic man” part. Howetkey may also be restricted by "animal spirgsith as
representativeness, sensation seeking, loss angetim The weight of "animal spirits" and "economian” may

¥ Detailed discussion of the method to measurenatiand irrational sentiment is provided in Hu & (2012b).
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vary among different investors, consequently, gativeg some investors "smarter” than others. As rimyststors are
the combinations of "animal spirits" and "economman”, the single sentiment index, which reflectsrticognition
and behavior, may contain these two aspects: orhand, showing the irrational factors of "animairisg', on the
other hand, reflecting the rational investor atgenic man". In order to extract the common comptsieve can
select a variety of single sentiment indexes amtlgot principal component or factor analysis. Frarseries of
empirical tests, the rational and irrational seetitnindexes are consistent with expectations. Bhecést, by the
rational sentiment, of returns in the following d 18 months is always positive (or at least nontiegla The
forecast by the irrational sentiment experiencgsagess turning gradually from positive to negatiVeat is, the
irrational sentiment may cause mispricing of theeasn the short term, while can be corrected & lting run.
Causality test results indicate that, the irratigentiment is positively influenced by earlierumts, showing the
characteristic of positive feedback, while not effiéel by fundamental factors. On the contrary, #t@mnal sentiment
is not affected by previous returns, but fundanienta addition, reasonable explanations can beltexs from the
comparative analysis of 15 common used single menti indexes.

10 - === Sentl Sent2 — G H - 7000
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6 5000
4 4000
2 4 3000
0 \- T 2000
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2 88 1000
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Figure 1.Time series of Shanghai Composite Index, rational and irrational sentiment

3.2. Investor sentiment and short-term returns

Just as Brown & CIiff (2005) mentioned that invessentiment represents the expectations of asgmtspin the
future. The optimistic sentiment accumulates grigwehen increasing investors turn to have the spnospection
of the market, which means that, in a certain gkrinvestor sentiment is changing continuouslyfdet, when
facing the continuously arriving news, investorguadtheir beliefs frequently, which is defined the external
information impact. However, the rangeability ofsttadjustment cannot be observed in advance. Baseithe
above analyses, we divide investor sentiment imto parts, the expected part and unexpected pats, Tihe
unexpected part of investors sentiment in everipdes called sentiment shock. Then, we have:

senf, = sent— E., sent d1,2 1)

Where, senft is the sentiment shock comes from sentimerit=1, 2) in montht and Senf is the actual

sentimenti in montht, while E,_sent is the expected value in montil. Senfand senf represent
rational and irrational sentiment separately.

From figure 1, we can conclude that rational seatimis significantly more stable than irrationalepmwhich
indicates that they are performed to have lessbiegdtrading characteristics. Thus, we can simpgume that the
previous period sentiment equals to the expectetinsent i. Then, we have:

E.sent, = sent, 2)

Accordingly, the rational sentiment will be:

senf, = senf - sent, (3)
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Hu & Chi (2012a) has proved that the mispricinddias an autoregressive process when asset prieeaffacted
by feedback trading. Meanwhile, compared to rafidngestors, irrational investors are more likely have
feedback trading characteristics, which meanstti@tvariation of irrational sentiment is more likeb follow an
autoregressive process. Thus, the time seriesatioinal sentiment should be:

n

sent, =a, +Zaj sent; +§, 4)
i=1

That is,

E..sent, = a0+2aj senf,_, )

j=1
Accordingly, irrational sentiment will be:

senf, = senf, - E, sept,=, ©

Based on SIC, the lag order of equation (4) fer irrational sentiment. Then, just as mentioabdve, we separate
rational and irrational sentiment into two parke expected part and the unexpected sentiment shock

After each variable has been defined, we consthectegression equation as follows:

- S S S S
rt, = B, + BE,, sent,, | + :31 sent’ —+ B, sent,, | + ﬂzsentw
+ Bumei,  + Biepi, + Bidavy | + g,

! @)

Where, cpi, mci and Iavr represent consumer price index, macroeconomicatdéirimdex and the growth
ratio of industrial added value respectively.

Table 1. Regression results of short-term returns

Variable @) B Q) @

senf -0.0306* | -0.0291* | -0.0168 | -0.0150
-1 (0.0155) | (0.0152) | (0.0140) | (0.0127)
senf 0.0214* | 0.0204* | 0.0209** | 0.0195%+
-1 (0.0100) | (0.0114) | (0.0062) | (0.0059)
0.0251% | 0.0247**
E,.sent_, (0.0074) | (0.0078)
0.0347% | 0.0375%*
E,...sent,_, (0.0090) | (0.0095)
. -0.0188* -0.0198*
(0.0101) (0.0104)
i 0.0052 0.0022
P (0.0106) (0.0100)
o -0.0061 -0.0061
(0.0096) (0.0099)

adj. R-sq 0.0600 | 0.0910| 0.1620 0.2020

Our regression results, listed in table 1, exhibé affects that come from expected sentiment avekpected
sentiment shocks to the next period returns. Wecoaclude from these results that, when ignorirgitiluences
from expected rational and irrational sentimengxpected irrational sentiment shocks have posithgacts on the
next period returns, while unexpected rational isgert shocks have negative ones. That is to sagnwhe

unexpected irrational sentiment shocks are positiweestors’ stock demands increase. Thereforeedrby this

optimism, asset prices will be pushed up. Howevatipnal sentiment represents rational investoosigiterm

expectations of asset prices, which should kedpesta the short term. When realizing the incregsisks, rational
investors become relatively cautious in making sieais, which gives a corking explanation of why xpected

rational sentiment negatively affects the shontteeturns. Nevertheless, compared to the short-temation of

irrational sentiment, the predictability of unexfet rational sentiment is not statistically sigrafit because
rational investors pay more attention to the lomgrttendency of irrational sentiment.

In further analyses, we find that the expectedisenit, no matter it is rational or irrational, hasignificant positive
effects on the subsequent returns, which is cargistith our hypothesis 1. Specifically, due to fhice pressure
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effect, the smart money objectively strengthensciingent trend of asset prices in order to takeatheantage of
noise traders. In addition, we discover that unetgukirrational sentiment shocks have positivefgaéd the next
period returns also, while the regression loadihgational sentiment shocks is not significant, evhindicates that
unexpected rational sentiment has no distinct ingpao the short-term returns. Then, we can concthde the
expected rational sentiment, representing the woatis and consistent anticipations of asset prisefje main
factor of rational sentiment that can affect therskerm returns. More importantly, our conclusiaten’t change
when macroeconomic factors are introduced intae¢lgeession equation as control variables.

3.3. Investor sentiment and long-term returns

In this section, different from above analyses, d@n't make decomposition of investor sentiment when
investigating the relationship between sentimemt Bomg-term returns. The regression equation wepado as
follows:

k

> rt, =B, + Bsent, + B,sent, + B, mgi+ B, cpir B iayr U (8)

i=1

In the long-horizon regressions, an unavoidableeawtric problem emerges that, with overlappingeoletions
exists in the two adjacent explained variables, rtdmduals are seriously correlated. After sevsndlitions are
filtered, we finally choose the bootstrap methogkdiby Brown & Cliff (2005) and Schemling (2009 ,sblve this
problem. Specifically, with the assumption that tuefficients of sentiment variables equal to 0,rwe a VAR
analysis of explained variables, sentiment varglaled macroeconomic variables (according to SIE Ja is 1).
Then, we bootstrap the residuals to recursivelyegse time series of variables with which we runagipn (8), this
process is repeated for 10,000 times. As listethlibe 2, p values are the results from the empidésributions
through our simulations. We do not give out théneastion results of macroeconomic variables to space.

When both rational and irrational sentiment areetaknto consideration, we find that irrational $ewnt can
positively predict the future returns in the nex63and 9 months and the loadings are diministiiguultaneously,
with the analysis period length extending to 12ri@nths, the loadings of irrational sentiment twrbé negative
but not significant. This tendency does not chaugtl the period is extended to over 21 month, inick the

loadings become significant again. Summarily, &sektension of our inspection periods, the loadwfgsrational

sentiment monotonically decline and their symbats from positive to negative, which apply with dwpothesis
2. That is to say, although the irrational sentitteeimpacts on stock returns show a price pressifect in

short-term, in the long run, the more excessiventggtic, the greater the asset prices are overdaludich is

accompanied with lower future returns.

Compared with irrational sentiment, the loadingsaifonal sentiment are positively related to teegth of our
analyzing periods. At the same time, we find that flbadings of rational sentiment are all insigmifit during the
periods from 3 to 12 months. However, the ratiosahtiment loadings become significant till the pdsi are
extended up to 15 months, which supports our hgsi¢h3. In other words, rational sentiment has tpesi
predictability on the future returns in both shiwtm and long-run.

0.8 4 adj.R-sq
0.7
0.6
0.5

0.4

0.3

0.2

0.1

(o]

3 I 5] I 9 I12I15I18I21I2t’-1-l27I30I33I36I39It’-1-2

Figure 2. Changes of R?
Furthermore, it is shown that thé R increasing as the extension of our analyzimipde But when it comes to 30
months, the Rbegins to decrease and both rational and irrdtiseratiment loadings are reverting to 0. This resul
indicates the fact that, investor sentiment, ratiar irrational, represents the expectations airireturns, which

are derived from market information. In a time-eati market, with capability restrictions of cogaiti and
computation, the accuracy of investors’ predicthbiks continuously attenuated as the extensiorhefforecast
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period. Just as we conjecture that, the returnsraiely dramatically affected by irrational sentimén the short
term, while positively predicted by rational sergimh in the long run.

Table 2. Regression resultsof rational and irrational sentiment and stock returns

k | variable | coefficient | p value | adj.R-sg
3 2223 8:82}12 8:3;1; 0.3531
o | Gz | ooam | over] O34t
O | Senz | oo | oosr] 04
12| Sentd| 02983 | 02574 0342
1 2:23 .%_3057%77 é)_ 5?5225 0.3697
18 2223 _%%6271 8:(1)325 0.4517
21| Senth | OS0% | 0901 o638
24 2:23 .%ii‘gi %.01101; 0.6171
2 ZZRIE _%,71%% %%067; 0.6706
0| Senc | “oasoms| oosof 0952
% 2:23 .%i%ill %%033; 0.5583
3| | A% | Soaed o008
s | S| QL1 00491 oarse
a2 | 20 0% | Oised 0350

3.4. Why most investor s do not success?

If investors have realized these facts mentioneava@bthey are seemed to have found some solutmmeake
profits and succeed. Unfortunately, numerous fhatse shown that only few of them outperform the kaawwhile
the others suffer welfare losses. To explain thisnmmenon, we believe that, firstly, overconfidenestors often
overestimate themselves in decision making, whishinttly increases their transaction costs (BaeDdean,
2000). Secondly, some investors with high risk grefice are more focused on the probability of higfarns
instead of constructing a diversified portfolio, iai brings a high possibility of losses (Barber &dan, 2008;
Barberis & Huang, 2008). In this paper, we investginvestor sentiment and its predictability afct returns.
However, our conclusions do not support that irusstan take the advantage of sentiment and malesgxeturns
in cross-sectional market for granted. Actually,sinmvestors often fail to maintain their investmetrategies.
Instead, they dynamically choose the one whichh@ught to maximize their expected returns but éffety
affected by noises and alleged “experts’ recommigmas. According to Barber, Lee, Liu & Odean (2Q1énly a
few investors outperform the market during the gigie with their avariciousness. In fact, the majodf investors
make correct decisions in very small probabilitiesjch would reduce their welfare. Even worse, ¢hewestors
are forgetful and hot-headed, which lead them t&erthe same mistakes that they have suffered frotriamg
before (Feldman, 2010). Finally, many empiricales@shes have proved that retail investors are terke noise
traders who are strongly affected by dispositideaf which makes them unable to maximize theiffitgrén a bull
market but suffering a great losses in a bear nharke

Then, why those dumb noise traders have not beeandout of the market? We believe there are twomeasons.
On the one hand, retail investors don’'t make mesda&ll the time. Instead, because of the pricespreseffect,
noise traders might gain higher returns than “smarhey” in short-term, which can offset some ofirthesses in
the future. On the other hand, even some noisersdthve been out of the market, there are dalige number of
new investors who are continuously joining in. Téfere, there are always noises in our market.

CONCLUSION
A main characteristic of capital market is fractahich means that the interaction mechanism ofipemtt and asset
prices is time-varying. In this paper, in ordegtee a more comprehensive description of investatisment and its

impacts, we investigate the predictability of rafiband irrational sentiment on future returnsathbshort and long
term. Our results show that rational sentiment asitpvely related to future returns, while irratansentiment
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positively predicts future returns in short-termyt lgiving a negative prediction in long-term. Diffat from
previous studies, we find that rational and irnaéilosentiment does not only have predictabilitytb@ long-run
returns, but also have significant influence onghert-term returns, which is consistent with thaise traders play
an important role in the formation of asset sherir prices in Chinese stock market. Last but netlé¢ast, the
predictability of investor sentiment, rational arational, stays robust during our empirical ane$ysvhich indicates
that our redefinition of “rational” and “irratiorfahave strong reasonableness.

To sum up, our study can help us further understdnudit investor sentiment and its impacts on gesets, which

support the viewpoint that sentiment should beothiiced into asset pricing models. Meanwhile, cargid the

fact that rational investors who should have siadil stock market will probably push up short-texsset prices to
a higher level than their intrinsic values, our dasions also remind the market regulator to payenatentions to
the “irrational exuberance”.
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